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Beam	models	

1.	Geometrical	randomness		
2.	Base	material	randomness	
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Bayesian	inference	

Likelihood	
	

	 	 	 	π(E|p)	=	Π		πbeta(Ei|p)		
	
	
Posterior	
	
	
	
Sample	with	Monte	Carlo	Markov	chain	
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Monte	Carlo	Markov	chain	
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Iden,fica,on	results:	2	parameter	model	
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Iden,fica,on	results:	3	parameter	model	
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Influence	of	geometrical	randomness		

	 Geometrically	Euler	Bernoulli	beam	networks	
	
	

A:	random	fibre	
	assignments		
	
	

B:	par%ally	
random	
	

C:	random	
	



Results:	Damage	A	
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Results:	Damage	B	(long	fibres)	

	



	

true	

iden%fied		
without	correla%on	

iden%fied	



Results:	Damage	C	
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Results:	Elastoplas,city	A	
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Results:	Elastoplas,city	B	

	



tr
ue

	
id
en

%fi
ed

		
w
ith

ou
t	c
or
re
la
%o

n	
id
en

%fi
ed

	



Results:	Elastoplas,city	C	
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